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Abstract: Social anxiety disorder (SAD) is among the most common anxiety disorders, marked by
overwhelming fear and avoidance of social behaviors and social scenarios, and debilitates patients’ lives and
work. Previous studies have provided ample evidence of dysregulated social cognition in social anxiety,
such as negative cognitive biases, demonstrating a negative processing of social information. However, the
factors driving the dysregulated social cognition remain unclear, impeding the elucidation of the underlying
computational neural mechanisms of social anxiety symptoms, and guiding personalized interventions.
Within the Bayesian framework, the current project proposed that the negative cognitive biases phenomenon
may stem from negative prior expectations. We will use psychophysics experiments, electroencephalogram
(EEQ), functional magnetic resonance imaging (fMRI), computational modeling, and machine learning to
comprehensively investigate the characteristics and dynamic patterns of negative cognitive biases among
individuals with social anxiety traits. This project has the promise to reveal cognitive neural mechanisms
underlying dysregulated social cognition, potentially guiding future personalized interventions for social
anxiety.
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